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The model IRFS can be compared with the empirical regression of item responses on estimated ability (Kingston & Dorans, 1985 Gruijter, 1990; Divgi, 1986 Divgi, , 1989 (Holland & Thayer, 1986 ). Use of this statistic on the basis of itemtest regressions has a sound rationale, given the validity of the Rasch model.
The total score in other IRT models is not a sufficient statistic for 0, although total scores might be used for the estimation of 0 (e.g., Yen, 1984) . Use of nonoptimal total scores (Lord, 1980, p. (Lord, 1980, p. 30 (Samejima, 1973) and are often removed from the UML approach in LOGIST. In many UML analyses, cs are less than the reciprocal of the number of alternatives, which suggests a negative bias (Lord, 1983a (de Jong, 1986a (de Jong, , 1986b (Lord, 1980, pp. (Choppin, 1983; Lord, 1983b; Thissen & Steinberg, 1984) . However, the practical implication of such models is that some students would be penalized for scoring higher than other students, because the correct answer of the lowerability students to some items is assumed to be due to guessing. The solution of Thissen and Steinberg (1984, p. de Jong, 1986b ). Figure 3 shows the observed cumulative distributions of students from both ability levels on either test as a function of score level. Because the students opting for graduation at the lower level constituted only about 20% of the total population, their distributions are somewhat less smooth than those of the higher-level students.
Results
It is clear from Figure 3 Table 1 ). in the anchor subtest (two-option items) and .33
in the easy and difficult subtests (three-option items). Figure 7 displays the relationship between the two tests based on item-rest regressions and the three-parameter logistic model item parameter estimates. As in the simulation (Figure 2) 
